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Research advancements of whole-brain functional
connectivity patterns and clinical application

SHI Anping., YU Ying, HU Bo, YAN Linfeng, WANG Wen, CUI Guangbin”
(Department of Radiologys the Af filiated Tangdu Hospital of
Air Force Medical University, Xian 710038, China)

[Abstract] Functional connectivity (FC) from functional MRI (f{MRI) can be used to describe abnormal brain functions,
while whole brain FC patterns are highly specific and can be regarded as an individual marker like the fingerprint, thus

contributing to the diagnosis of diseases and guiding clinical treatment. The whole brain FC patterns and clinical application

were reviewed in this article.
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