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Advancements of radiomics based on CT in differential
diagnosis of benign and malignant pulmonary nodules

ZHU Na, HOU Yang"
(Department of Radiology, Shengjing Hospital of China Medical University,
Shenyang 110004, China)

[Abstract] Radiomics refers to the artificial intelligence technology that extracts high-throughput imaging features from
images, through feature screening and modeling to achieve diagnosis and differential diagnosis of diseases, as well as

evaluating curative effect and predicting prognosis and so on. The application of radiomics based on CT images provides a

new opportunity for differentiation of benign and malignant pulmonary nodules. The definition of radiomics, CT imaging

methods and application in differential diagnosis of benign and malignant pulmonary nodules were reviewed in this article.
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