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Analysis of literature related to deep learning in medical
imaging from 2011 to 2020

FU Jiaohui', CHANG Xiaodan®* , SHA Qiaoli', GUO Weiya'
(1. Department of Radiology, Dalian Municipal Women and Children’s Medical Center [ Group],
Dalian 116011, China; 2. Department of Medical Imaging, Af filiated Zhongshan
Hospital of Dalian University, Dalian 116001, China)

[Abstract] The articles of the application of deep learning (DL) in medical imaging were searched based on the Web of
Science Core Collection (WoSCC) from 2011 to 2020. The data were analyzed with VOSviewer version 1. 6. 13 software, a
knowledge map was construct, and the most influential paper and scientific research hotspots in this field were evaluate in
this article.
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